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Introduction  

In the classical economics, consumers are sometimes assumed to make rational choices, which maximize utility subject 

to their constraints. Behavioral economics however disputes this assumption by taking into account the different 

psychological and social determinants, which govern decision-making. This information has been particularly useful in 

studying consumer behavior that is not rational in decision-making because of cognitive biases, emotional and social 

influences (Khan, 2021; Khan and Ridhorkar, 2021). 

Consumers do not choose according to the maximization or utility but according to many other factors, such as cognitive 

biases, social effects, and emotional reactions. Behavioral economics studies these aspects in order to understand why 

consumers usually make decisions that are not in line with the economic forecasts. As an illustration, the prospect theory 

is the reason why people will propensitise losses over equivalent gains, which results in risk aversion in the gains 

category and risk seeking behaviour in the losses category (Kahneman and Tversky, 1979). Also, heuristics and biases 

are important factors affecting consumer decisions, as they are used to make a decision on such issues as buying 

behaviors, as well as financial investments (Tversky and Kahneman, 1974). 

During the recent years, AI technologies, including ensemble deep learning and rule mining algorithms, have been 

utilized to improve the analysis of consumer behavior. As an illustration, Khan (2021) illustrates that ensemble deep 

learning can enhance efficiency of aspect-based sentiment analysis, dealing with biases in existing models and 

enhancing accuracy when analysing consumer behaviour. On the same note, Khan et al. (2023) introduce a quantum-

based model of combining reinforcement learning with federated explainability to enhance transparency and fairness in 

AI systems, which is essential in the decision-making process. 

Abstract 
Behavioral economics incorporates psychology in economics to get a more detailed understanding of the decision-

making process of individuals, mostly in consumer behavior. Behavioral economics is unlike traditional economics 

which adopts rational decision-making but takes into account the different cognitive, emotional and social factors which 

prominently affect consumer decision-making. The paper will trace the influence of behavioral economics in the 

decision-making process by the consumers, which will focus on such concepts as heuristic, biases, and the effect of social 

influence. The paper also discusses the effects of these factors on suboptimal decision-making giving examples of 

consumer behavior in real-life situations. Moreover, the paper addresses the behavioral economics implications on 

marketing strategies and policy making and how the knowledge of consumer behavior can be used to create more 

effective marketing campaigns as well as policies. Recently, the paper also points out the current breakthroughs in AI 

and machine learning models, including aspect-based sentiment analysis and rule mining, that were used to understand 

consumer choices better and better the marketing results (Khan, 2021; Khan, 2022; Khan et al., 2023). In this 

discussion, the paper will attempt to illuminate on the collision of economics and psychology with special emphasis on 

the significance of behavioral insights in modern economic analysis. 
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More so, in their study, Khan and Ridhorkar (2021) investigated different text-based sentiment analysis models, which 

illuminated their analytical outlooks and ways in which such applications can be utilized in the quest to comprehend 

biases of consumer behavior better. Similarly, Raut et al. (2023) proved that AI-based algorithms, including GPT-3, 

could be used to create informative summaries, which can inform about consumer preferences and behavior in the digital 

era meaningfully. 

 

Background of the Study 

Behavioral economics was an answer to the inadequacies of classical economics, in which rational decision-making is 

the assumed behavior. The conventional frameworks fail to give an explanation as to why consumers make decisions 

which are not in their best interest at times. Key psychological concepts, including the heuristics, biases and emotions 

influences, are introduced by the behavioral economics that have significant implications on the study of consumer 

behavior. 

We have seen in the recent research in AI and machine learning that these concepts are even more comprehensible. As 

one such example, Khan (2021) proposes ensemble deep learning systems to enhance the aspect-based sentiment 

analysis, which would be useful to gain a better comprehension of consumer preferences and attitudes. Similarly, the 

framework by Khan et al. (2023) is based on quantum-driven that combines reinforcement learning with federated 

explainability to enhance AI systems in climate-resistant agriculture. This framework shows why transparency and 

fairness are vital in the process of making decisions by AI and is significant in comprehending consumer decision-

making in an ever-changing digital environment. 

The point where behavioral economics and the AI-based sentiment analysis meet is another point of high interest. Khan 

(2022) has demonstrated that AI systems may improve the accuracy and unbiasedness of sentiment analysis in different 

areas by integrating rule mining with deep learning, including consumer preferences, marketing, and finance. This 

artificial intelligence and behavioral understanding fusion provides business and policymakers with robust instruments 

to learn more about the consumer behavior and develop a more effective intervention. 

 

 
Figure 1: Impact of Cognitive Biases on Consumer Decisions 

The figure below shows the effects of three cognitive biases on consumer decision-making namely, Availability 

Heuristic, Anchoring Bias and Loss Aversion. According to the chart, the greatest effect on decisions is made by Loss 

Aversion, then by the Availability Heuristic and Anchoring Bias. Loss Aversion makes people avert decisions that are 

seen in terms of losses and the Availability Heuristic makes people make decisions based on available information that 

are easy to get and the Anchoring Bias makes people make decisions based on the price point. 

 

Literature Review 

The convergence between behavioral economics and consumer decision making has attracted much concern, especially 

in respect to the effect of psychological factors on consumer decision making in different industries. Research has 

indicated that anchoring and availability heuristics are cognitive biases that are very influential during consumer 
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decision-making (Khan, 2021; Tversky and Kahneman, 1974). An example is that consumers can make choices using 

the first price they come across (anchoring bias) or with the most easily accessible information, although it may not be 

the most accurate or the most relevant information (availability heuristic). 

New developments in AI-based structures have made it much easier to analyze consumer sentiment. Khan (2021) and 

Khan et al. (2023) have prepared ensemble deep learning systems and quantum-differentiated frameworks that are better 

able to understand the intricacies of consumer views and behaviors that give the enterprises more accurate data when it 

comes to marketing plans. The marketing strategies are also guided by prospect theory (Kahneman and Tversky, 1979) 

that highlights the fact that consumers do not perceive gains and losses in a similar manner, resulting in risk aversion in 

some situations and risk-seeking in others. 

Another important factor in consumer decision-making is the social factors, including social proof and scarcity. 

According to Cialdini (2001), these were some of the notable psychological factors that marketer can usually exploit in 

order to shape consumer behavior. The power of social behavior towards driving sales may enable consumers to buy 

products on the perception that they are popular or scarce. 

The recent literature, like the one provided by Khan et al. (2023) and Raut et al. (2023), demonstrates that the analysis 

of consumer sentiment can be enhanced with AI technologies to be more objective and accurate by reducing biases 

inherent in conventional data-driven methods. 

 

Material and Methodology 

The current paper employs a qualitative research design to examine the role of behavioral economics as a determinant 

of consumer decision-making process. The case study methodology was used, and three areas were considered in 

healthcare, finance, and retail. 

 

Step 1: Literature Review 

A comprehensive literature review was done and based on behavioral economics concepts, the concepts of heuristics, 

biases, prospect theory, and nudge theory were examined. Another aspect that was discussed in this review is the topic 

of integrating AI frameworks with behavioral economics in order to enhance the consumer decision-making analysis. 

 

Step 2: Data Collection 

Data was gathered by interviewing marketing, financial and healthcare professionals. Fifty respondents were also 

interviewed to know how behavioral insights have been implemented in consumer decision-making in these sectors. 

 

Step 3: Data Analysis 

The data collected was thematically analyzed and the themes that were identified included common themes, including 

biases, heuristics, and the role of social influences on consumer decisions. 

 

Results and Discussion 

The case study analysis and interview data analysis allowed making several important conclusions: 

1. Bias and Heuristics: In healthcare, the availability heuristic was frequently used, and consumers made decisions 

using the latest information, including the media covering the outbreaks. 

2. Framing Effects: When retailers promoted using frames that framed the offers as being limited in time, consumers 

then made more purchases because of loss aversion and scarcity. 

3. Nudge Theory: Nudges such as automatic enrollment in retirement savings plans were very effective in getting more 

people to participate. 

 

Table 1: Common Biases and Heuristics in Consumer Decision-Making 

Bias/Heuristic Description Example in Consumer Behavior 

Availability 

Heuristic 

Basing decisions on readily 

available information. 
Consumers buying products based on recent advertisements. 

Anchoring Bias 
Relying too heavily on the first 

piece of information. 

First price seen for a product sets a reference for all 

subsequent choices. 

Confirmation 

Bias 

Favoring information that 

confirms pre-existing beliefs. 

Consumers choosing brands they have previously used, 

disregarding alternatives. 

Loss Aversion 
Preferring avoiding losses over 

acquiring gains. 

Consumers more likely to make a purchase if it’s framed as 

avoiding a loss (e.g., "last chance"). 

Framing Effect 
How a decision is presented 

influences outcomes. 

People are more likely to purchase insurance when framed as 

a loss (e.g., "avoid losing money") rather than a gain. 
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The following table presents the percentage of respondents who have indicated various factors that affect the decision 

making process. It shows that the most influential ones in consumer decision-making are heuristics (mental shortcuts) 

then social influences and emotional responses. 

 

Influence Factor Percentage of Respondents 

Heuristics 45% 

Social Influence 30% 

Emotional Response 15% 

Framing Effects 10% 

 

 
Graph 1: Influence of Heuristics on Consumer Purchases 

 

This bar chart is used to indicate the influence of heuristics in consumer decisions when purchasing products. The most 

effective one is availability heuristic and loss aversion is also important in decision-making. 

 
Graph 2: Effectiveness of Marketing Strategies Using Behavioral Insights 

 

This pie chart will demonstrate the efficiency of different marketing measures that are informed by behavioral 

economics. It is found that Nudge strategy particularly default options, is the most effective. 

 

Conclusion 

The behavioral economics can be very useful in understanding how people make decisions by providing a psychological, 

0%

5%

10%

15%

20%

25%

30%

35%

Availability Anchoring Confirmation Framing Loss Aversion

Effect on Purchase Decisions (%)

Effectiveness (%)

Nudge (default option) Framing (loss aversion) Social Proof (reviews)



IJIS: Vol.2, Issue 1, January 2026, Page: 39-43 ISSN: 3049-3277 

International Journal of Integrative Studies (IJIS) 

 

 

emotional, and social insight that cannot be explained through the traditional economical theories. These factors can be 

known so that businesses and policymakers come up with more effective strategies that are more consistent with real 

consumer behavior. Ensuring fairness and accuracy in decision-making, the analysis and prediction of consumer choices 

using the combination of AI technologies, including ensemble deep learning and rule mining can become a promising 

solution. 
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